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Analysis of the Maturity of the Pitaya Wlth Drone and Image Recognition Technology
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Abstract

In recent years, the dragon fruit industry has
become an important fruit industry in our
country, during the production, process with the
development of fertility, fertilization
management, the influence of climate factors,
pests and diseases, and most of the production
areas have large planting areas, difficult to
centrally manage, easily to cause inconsistent
product quality. Monitoring the status of crops
becomes the primary issue, traditional
monitoring methods rely on human visual
observation, but human vision cannot be
quantified and get information effectively,
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observation range is very limited and time-
consuming, with high labor costs, monitoring
tools are gradually moving towards automated,
fast and effective methods.

With the development of drones becoming
more mature, they are small and highly flexible,
equipped with the lens to fly to the target area
can effectively and quickly obtain crop images
in a large area, then through computer program
for image analysis and digitization, farmers can
accurately grasp the growth information of
dragon fruit, to as a basis for providing
fertilization, improving pest damage and water
supply, improving production efficiency and
effectively saving manpower expenditure.
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